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M= empty (M=<H,w>)

For time stept=1toT %% T can go to infinity
pred t = predict(M)

PE = {set of possible pattern E on sequence s at time -k ~ 1}
new F
H=H U new_FE

W

{select_random and check exist(PE, h)}

w U {wofnew E="0 }
M = incrementCount(M)
M = revise(M)

endFor
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